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The term “social capital” is ubiquitous in
contemporary sociology. Its appeal rests,

in part, on its capacity to stir in sociologists a
renewed sense of the significance for collective
action of social relations as distinct from the
economic utilities of individuals or the power of
public bureaucracies (Coleman 1990). In addi-
tion, as Lin, Cook, and Burt (2001:vii) observe,
the various meanings of social capital “capture
the essence” of concepts that are central to the
sociological heritage, such as social integra-

tion, social cohesion, solidarity, and social dis-
organization.

The richness of the concept of social capital
is not universally applauded. Critics accuse
social capital of “becoming all things to all peo-
ple, and hence nothing to anyone” (Woolcock
2000:7; see also Woolcock 1998). Nevertheless,
the varied, murky, elusive, and even circular
meanings of the concept give it great analytical
flexibility and multiply its empirical applica-
tions. In an astute review of conceptual contro-
versies surrounding social capital, Portes
(1998:21–22) calls for assessments of the caus-
es and effects of social capital “as manifold
processes .|.|. to be studied in all their com-
plexity.”

We follow Portes’ (1998) advice in this report
by partitioning the several dimensions of social
capital and estimating their interrelationships
with criminal homicide. Our analyses rely on a
unique data set: the Social Capital Benchmark
Survey (SCBS). The explicit purpose of the
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SCBS is to capture the diverse forms of social
capital discussed in the theoretical literature,
particularly Robert Putnam’s (2000) influential
book, Bowling Alone. It contains a wealth of
information about the social connections among
family members, friends, and neighbors, and
about civic, religious, and political activity for
a diverse sample of geographic areas in the
United States. The SCBS allows for a multidi-
mensional conceptualization of social capital
and the measurement of the construct’s com-
ponent elements with a much more extensive list
of theoretically grounded indicators than has
been possible in previous research. By merging
the SCBS measures with data on homicide and
other characteristics of the geographic areas in
the sample, we offer a much more detailed spec-
ification than previously available of those
aspects and manifestations of social capital that
are and are not associated with criminal 
homicide.

PUTNAM’S MMULTIDIMENSIONAL
CONCEPTION OOF SSOCIAL CCAPITAL

In Bowling Alone, Putnam (2000) provides a rich
description of the multifaceted nature of social
capital. He distinguishes among several differ-
ent dimensions and subdimensions of the con-
cept, nearly all of which, he argues, have waned
over the past several decades in the United
States. The most general forms of social capi-
tal are trust and social participation, which form,
in Putnam’s (2000:137) words, “a coherent syn-
drome” within which the “causal arrows are
.|.|. as tangled as well-tossed spaghetti.” Trust
assumes two basic forms for Putnam: “bonding”
trust, which refers to trust in concrete others
(friends, coworkers, family, neighbors), and
“bridging” trust, which extends beyond imme-
diate social circles to more distant others with
whom individuals have no direct ties (see also
Yamigishi, Cook, and Watabe 1998). In related
usage, Putnam (2000) refers to the two forms of
trust as “thick” and “thin,” respectively.
Elsewhere, Putnam extends this distinction
beyond trust and refers to bonding and bridg-
ing social capital.

Putnam (2000) subdivides the social partic-
ipation component of social capital into politi-
cal participation, civic participation, religious
participation, workplace connections, informal
social ties, and philanthropy, altruism, and vol-

unteering. Among the possible forms of politi-
cal participation, Putnam (2000:31–47, 153)
emphasizes voting; political knowledge and
interest; party identification; involvement in
campaigns; attendance at a political rally,
speech, or public meeting; committee service for
a local organization; participation in social
movements; and political protest. Some of these
forms of political engagement bleed into civic
participation, which entails joining and attend-
ing meetings of nonpolitical voluntary associ-
ations, such as the Elks, Knights of Columbus,
PTAs, and Boys and Girls Clubs of America (pp.
48–64). Religious participation includes church
membership and attendance, as well as involve-
ment in church-related programs and activities,
such as study groups, charities, and “socials”
(pp. 65–79).

Putnam counts informal social connections as
forms of social capital, including visiting with
family, friends, neighbors, and other acquain-
tances; “socializing” at bars and nightclubs;
and participating in group leisure activities and
neighborhood organizations, also a form of
civic involvement. As with other forms of social
capital, Putnam contends that all these have
stagnated or declined, and these reductions in
social capital have not been offset by coun-
tertrends in spectator sports, self-help and sup-
port groups, or the rise of the Internet, which are
either too weak (as opposed to “thin”) or too
inward-looking to foster collective goal attain-
ment.

Putnam views the alleged decline in the var-
ious forms of social capital with alarm, because
he is convinced that, on balance, social capital
facilitates the achievement of collective pur-
poses. By “greasing the wheels” of productive
social interaction, social capital lowers the trans-
action costs of day-to-day social exchanges and
widens awareness of “the many ways in which
our fates are linked” (Putnam 2000:288).
Plentiful stocks of social capital thereby increase
the flow of information that facilitates goal
attainment and enables “citizens to resolve prob-
lems more easily” (p. 288). Putnam does rec-
ognize that not all forms of social capital
produce positive outcomes. Some kinds of
bonding social capital, in particular, are asso-
ciated with hostility to outsiders and may
impede the flow of information that accompa-
nies bridging social capital (Putnam 2000:362).
Nevertheless, Putnam clearly emphasizes the
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benefits of social capital, which leads him to
lament its alleged decline over the past few
decades.

SOCIAL CCAPITAL, DDISORGANIZATION,
AND CCRIME

One of the pernicious consequences of declin-
ing social capital in the United States, accord-
ing to Putnam, is increased crime. Putnam
(2000) links rising crime rates since the 1960s,
at least in part, to reductions in the level of
social trust over the same period (p. 144). In a
more elaborate cross-sectional analysis, he
shows that states with high murder rates gen-
erally register lower than others on an index of
social capital that incorporates measures of
political and civic involvement, volunteerism,
informal sociability, and social trust (pp. 308–9).
He concludes that crime and social capital are
directly linked: “Higher levels of social capital,
all else being equal, translate into lower levels
of crime” (p. 308).

Putnam’s explanation of the connection
between social capital and crime is rooted most
directly in social disorganization theory (Bursik
1988; Sampson and Groves 1989; Shaw and
McKay 1969). In the classic formulation, dis-
organized communities are characterized by
high rates of economic deprivation, residential
instability, and population heterogeneity (Shaw
and McKay 1969). These conditions impede
the development of both primary and second-
ary social networks among residents and
between communities, which in turn reduces a
community’s capacity to exert social control,
especially over the behavior of youth (Bursik
and Grasmick 1993; Sampson and Groves
1989). Drawing on the logic of social disor-
ganization theory, Putnam argues that social
networks form the infrastructure of social cap-
ital. This allows for “the reinforcement of pos-
itive standards for youth,” offering them “access
to mentors, role models, educational sponsors,
and job contacts outside the neighborhood,” .|.|.
“providing emotional and financial support for
individuals,” and supplying “political leverage
and volunteers for community institutions”
(Putnam 2000:312). Severed networks and
depleted social capital, in contrast, leave “kids
to their own devices,” increasing the chances that
they will act on “short-sighted or self-destruc-
tive impulses” (p. 312). In addition, destructive

forms of bonding social capital, such as youth
gangs, may emerge in response to the general
depletion of other forms of bonding and bridg-
ing social capital. The implications for crime are
clear: “Young people rob and steal not only
because they are poor, but also because adult
networks and institutions have broken down”
(p. 314).

Several other studies also attempt to assess
explicitly the interrelationships between social
capital and crime. In an analysis based on the
50 American states, Kennedy et al. (1998:8)
operationalize social capital using indicators of
trust and civic engagement from the General
Social Survey. Trust (scored in the direction of
lack of trust) is measured by the proportion of
respondents who believe that “most people
would take advantage of you if they got the
chance,” whereas civic engagement is meas-
ured by the number of groups and associations
to which respondents belong. Kennedy et al.
(1998) report that both measures of social cap-
ital are significantly associated with firearm
violence. These effects persist when measures
of poverty and a proxy variable for access to
firearms are controlled. They obtain similar
findings for related General Social Survey
measures of trust and helpfulness.

Rosenfeld, Messner, and Baumer (2001) also
conceptualize social capital as composed of the
two primary dimensions of trust and civic
engagement and assess the impact of social
capital on homicide rates in a multivariate
framework. In contrast with the research by
Putnam (2000) and Kennedy et al. (1998), they
model social capital as a latent construct and use
smaller and less heterogeneous units of analy-
sis than states, namely, the single and multi-
county clusters that comprise the primary
sampling units of the General Social Survey.
Using indicators of trust and civic engagement
similar to those in the study by Kennedy et al.
(1998), Rosenfeld et al. (2001) find that the
latent construct for social capital has a signifi-
cant negative effect on homicide rates, net of a
baseline model containing well-established
covariates. They also estimate a simultaneous
equation model to accommodate a possible neg-
ative effect of homicide rates on social capital
and find that the sign of the effect of homicide
on social capital is consistent with expectations,
but the coefficient does not reach statistical sig-
nificance. The effect of social capital on homi-
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cide remains significant controlling for the
reciprocal influence of homicide on social cap-
ital.

Lederman, Loayza, and Mendendez (2002)
extend the research on social capital and homi-
cide to the level of nation-states. Using data
from the World Values Survey for a sample of
39 developed and developing nations, they
assess the effects on homicide rates of three
dimensions of social capital: trust, religiosity,
and participation in voluntary organizations.
They report that the trust dimension of social
capital shows a significant negative effect on
homicide rates, which is consistent with the
research on subnational units in the United
States. Similar to the findings by Rosenfeld et
al. (2001), Lederman et al. (2002) show that the
effect of trust is robust when possible recipro-
cal effects are controlled with the use of instru-
mental variables. These authors find less support
for the effect of the other indicators of social
capital.

The studies by Rosenfeld et al. (2001) and
Lederman et al. (2002) examine reciprocal rela-
tionships between aspects of social capital and
homicide by estimating simultaneous equations
with cross-sectional data. In contrast, research
by Galea, Karpati, and Kennedy (2002) assess-
es the mutual influence of social capital and
homicide with pooled data for U.S. states from
the mid-1970s to the early 1990s. This enables
them not only to attempt to replicate previous
cross-sectional findings but also to estimate
change models. Galea et al.’s (2002) cross-sec-
tional analysis results reaffirm previous findings
for the trust component of social capital: States
with high levels of trust exhibit low homicide
rates. In their change analyses, they find evi-
dence for reciprocal causation. Decreased social
trust increases homicide levels, and rising homi-
cide rates reduce levels of trust.1

Previous research clearly establishes the
potential relevance of social capital to the expla-
nation of variation in homicide rates. Global
indicators of social capital show the theoretically
expected negative effect on homicide rates in
several studies. In addition, the crime-reduc-
ing effects of selected measures of social cap-
ital have been observed with units at differing
levels of aggregation ranging from counties to
states to nations. Previous research also raises
the possibility that homicide rates have “feed-
back” effects on social capital, although the
evidence is mixed, and there is some suggestion
in the literature that different forms of social
capital may affect homicide rates in different
ways. Previous research is limited, however, in
a very important respect. Satisfactory meas-
ures of social capital are generally hard to find.
As a result, researchers have been unable to
explore fully the myriad dimensions of social
capital identified in the theoretical literature.

We extend past research on social capital in
two significant ways. First, the use of the SCBS
data enables us to go well beyond prior work by
capturing the richness of Putnam’s (2000) mul-
tidimensional conception of social capital. We
are thus able to determine which, if any, of the
concept’s multiple dimensions are associated
with community homicide rates in the manner
implied by Putnam’s theoretical arguments.
Sharpening the scope of social capital in this
way is important not only for theoretical devel-
opment, but also for identifying the types of
social capital in which communities might invest
to bring about reductions in violent crime.

Second, building on past research, we assess
the possibility of reciprocal causal effects and
do so in a multidimensional context. Although
Putnam (2000) emphasizes that crime is one
among many likely consequences of low levels
of social capital, he also acknowledges that
crime itself may erode social capital, suggest-
ing that they form a “vicious circle, in which low
levels of trust and cohesion lead to higher lev-
els of crime, which lead to even lower levels of
trust and cohesion” (p. 317). Other researchers
also advance persuasive theoretical arguments
that high rates of crime reduce interpersonal
trust, disrupt social networks, and lower levels
of community participation (Liska and Warner
1991; Skogan 1990). Prior research confirms
some of these claims (Bellair 2000; Conklin
1975; Liska and Warner 1991; Markowitz et
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al. 2001; Ross, Mirowsky, and Pribesh 2001;
Sampson and Raudenbush 1999).

However, some studies have found that crime
can increase selected forms of social partici-
pation, particularly in anticrime groups such as
Neighborhood Watch (Bennett 1989; Skogan
1989; Skogan and Lurigio 1992). Although the
SCBS does not permit assessments of change
over time, we use instrumental variables to
examine the reciprocal relationship between
relevant dimensions of social capital and com-
munity homicide rates, anticipating that the
consequences of violent crime may very well
differ for different dimensions of social capital.

DATA AAND MMETHODS

DATA

The SCBS is a large-scale telephone survey of
households in the continental United States
designed to assess the extent to which
Americans are connected to family, friends,
neighbors, and local institutions (a detailed
description of the SCBS can be found at
www.cfsv.org/communitysurvey). The survey,
conducted between July and November 2000,
includes both a national sample of approxi-
mately 3,000 adults and a separate sample of
more than 26,000 respondents selected ran-
domly from 40 geographic areas spanning 29
U.S. states. We use the SCBS “community-
level” data for our analysis. Sample sizes with-
in these areas range from 500 to 1,500 and,
except for a few questions of special local inter-
est, the survey instrument used is identical
(Subramanian, Kim, and Kawachi 2002).

To address our research questions, we append
data on homicides and socioeconomic condi-
tions to the SCBS. The homicide data are from
the published Uniform Crime Reports located
on the Federal Bureau of Investigation Web site
(www.FBI.gov) and from county- and agency-
level data files available through the Inter-uni-
versity Consortium for Political and Social
Research (www.ICPSR.umich.edu). For the few
communities for which Uniform Crime Reports
data are unavailable or incomplete, we located
the necessary information in reports published
by local police agencies. In all instances, the
homicide data in our analyses reflect homicides
known to the police for the period 1999–2000.
Data on the socioeconomic and demographic

characteristics of the communities in our study
are from the 2000 U.S. census.2

The SCBS is unparalleled in the richness and
breadth of social capital measures included, but
it is not without limitations. Although it cur-
rently is the only source of data on multiple
dimensions of social capital that permits com-
parisons across areas within the United States,
the cross-sectional nature of the survey and the
relatively small size of the community-level
sample impose restrictions on the scope of
analyses that can be conducted. Furthermore,
like many other contemporary telephone sur-
veys, the response rates for the SCBS are low
by conventional standards. Overall, 42 percent
of those reached by phone completed the inter-
view, which reflects 29 percent of all the persons
in the sampling frame. Little is known about the
nature or impact of nonresponse in the SCBS.
However, sample-balancing weights are pro-
vided in the data to adjust the community sam-
ples to match their respective populations on the
basis of age, race, sex, and education level. We
use these weights in the analyses presented later
in this article.

Finally, the geographic areas represented in
the survey do not consistently correspond to
“communities” in the sense used in classical
social disorganization theory. The areas vary
considerably with respect to level of aggrega-
tion. Most of the units are cities, counties, or
county-clusters, but the sample also includes
three states (Indiana, New Hampshire, and
Montana) and one subarea within a central city
(North Minneapolis). As noted earlier, previous
studies demonstrate the applicability of the
social capital concept at diverse levels of aggre-
gation, from counties to nation-states.
Nonetheless, given the novel combination of
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sus tract data within the area.
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geographic units included in the SCBS, it is
critically important to assess the utility of the
SCBS sample for macrolevel homicide research.
We do so in our analyses by inspecting relevant
bivariate correlations, and by estimating an
established baseline model of homicide and
comparing the results with those obtained from
more conventional samples (Land, McCall, and
Cohen 1990). Convergence with the results of
previous investigations should increase the com-
parability and reliability of the SCBS sample.

MEASURES

DEPENDENT VARIABLE. The main dependent vari-
able in our analysis is the homicide rate, meas-
ured as the number of homicides per 100,000
residents during 1999 and 2000. We pool data
across the 2-year period to increase the stabil-
ity of the homicide measures, particularly for
some of the smaller communities included in our
sample. The mean homicide rate for the SCBS
communities in 1999–2000 is 6.39 per 100,000,
but substantial variation exists around the mean,
with homicide rates ranging from .76 to 26.57
across areas. We accordingly convert the homi-
cide rates to natural logarithms to reduce skew-
ness and induce homogeneity in error variance.
The log homicide rate for our sample closely
approximates a normal distribution.

CONTROLS. To obtain unbiased estimates of
the relationships between homicide rates and
various dimensions of social capital, other pop-
ulation attributes known to be correlated with
homicide must be controlled. We have collect-
ed 2000 census data on a large number of eco-
nomic, social, and demographic conditions
found in prior research to be enduring structural
covariates of violent crime rates (for reviews, see
Sampson and Lauritsen 1994; Messner and
Rosenfeld 1999).

A principal components analysis of these
variables yields two main factors. The first fac-
tor exhibits strong loadings for the percentage
of residents who are poor, percentage of fami-
lies with children headed by a female, percent-
age of residents who are black, median family
income, the Gini index of family income
inequality, and the percentage of the civilian
labor force unemployed. The second factor
exhibits high loadings for population size and
population density (both logged to reduce skew-

ness). Following Land et al. (1990), we label
these two factors “resource deprivation” and
“population structure,” respectively. We also
include in our regression models a separate
indicator of the divorce rate (percentage of per-
sons age 15 years or older who are divorced),
and a dummy variable indicating a community’s
location in a southern state (southern location).
The structural covariates included in our analy-
ses mostly duplicate the final specification that
Land et al. (1990) report in their comprehensive
investigation of homicide models for U.S. states,
cities, and metropolitan areas.

EXPLANATORY VARIABLES. The key explana-
tory variables in our analysis are levels of com-
munity social capital. Putnam (2000) identifies
seven main dimensions of social capital: social
trust, political participation, civic participation,
religious participation, workplace connections,
informal social connections, and altruism, vol-
unteering, and philanthropy. We draw exten-
sively on Putnam’s discussion in selecting more
than 50 items from the SCBS that tap these
potentially distinct forms of social capital. We
then aggregate individual responses within
SCBS communities to construct community-
level means and percentages for the items. For
each of the seven dimensions of social capital
identified by Putnam, we conduct alpha-scor-
ing factor analysis, with an oblique factor rota-
tion on the relevant items. Principal components
analysis produces substantively identical results.

This strategy combines confirmatory and
exploratory factor analytic approaches. It is
confirmatory in the sense that we identify, a pri-
ori, possible indicators of the social capital
components that Putnam (2000) emphasizes.
We then conduct exploratory factor analysis to
examine potential dimensionality within those
components. This approach allows us to assess
the effects of several conceptually distinct, albeit
in some cases strongly correlated, dimensions
of social capital on variation in community
homicide rates. An alternative approach would
consider all the available indicators in a purely
exploratory factor analysis to determine whether
they form one or more dimensions of social
capital (Putnam 2000:291). Although this
approach would be empirically more parsimo-
nious than the strategy used in our study, the
resulting factors would have less theoretical
grounding and, as we illustrate, would combine
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items that show substantial variability in their
relationships with homicide.

Overall, our aggregate-level factor analysis of
items from the SCBS yields 12 dimensions of
social capital for inclusion as explanatory vari-
ables in our regression models. (Details of the
factor analysis appear in Table A1 of our ASR
online appendix supplement at http://www.
asanet.org/journals/asr/2004/toc042sp.html).
For three of the dimensions that Putnam (2000)
highlights—social trust, religious participation,
and workplace connections—the factor analy-
ses of relevant items show unidimensional con-
structs. In our present study, each of the seven
indicators of social trust load strongly on a sin-
gle factor that reflects community-wide levels
of social trust (social trust). This suggests that
areas high in bonding trust (e.g., trust in neigh-
bors, coworkers, local shopkeepers) also exhib-
it high levels of bridging trust (trust in
nondesignated others). The factor analyses also
show that five items that Putnam and others
identify as indicators of “faith-based” social
capital (e.g., church or synagogue membership,
regular attendance at religious services, partic-
ipation in other religious activities) load strong-
ly on a single factor that distinguishes
communities with varying levels of religious
participation. Moreover, the two items consid-
ered as indicators of the extent to which resi-
dents have workplace connections (i.e.,
membership in a labor union or trade associa-
tion) load on a single factor, albeit weakly and
opposite in sign. This dimension of social cap-
ital primarily reflects differences across geo-
graphic areas in labor union membership.3

Our analysis shows that the other four forms
of social capital that Putnam (2000) discusses
need to be disaggregated into subdimensions.
First, the areas in our sample show unique vari-
ation in two forms of political participation,
which we term “political engagement” and
“political activism,” respectively. Political

engagement incorporates basic elements of
political participation such as voting, attending
town hall meetings, serving as a member of a
local organization, and the extent to which res-
idents are interested and knowledgeable about
politics. Political activism taps behavior direct-
ed more specifically at affecting change, such
as attending a political rally, participating in
protests or demonstrations, and joining others
for the purpose of bringing about reform.

Second, three distinct but interrelated forms
of civic engagement emerged. These include a
general community involvement factor that taps
participation in clubs, community events, and
community projects, and two more specific fac-
tors that tap participation in social service
groups (community social service) and organi-
zations formally organized to promote social
change (community activism).

Third, the analyses show two dimensions of
informal social connections. Consistent with
Putnam’s (2000) “bowling alone” metaphor,
one of these dimensions reflects the extent to
which residents participate in various team
sports (team sports). The other factor is a more
general indicator of social interaction with
friends, family members, and neighbors (infor-
mal socializing). Finally, the analysis indicates
that the SCBS items measuring altruism, vol-
unteering, and charity are best represented at the
aggregate level as two dimensions of social
capital: one that identifies communities with a
large percentage of residents who have recent-
ly given blood (altruism), and another that com-
bines an indicator of charitable contributions
with the extent to which respondents have
engaged in unpaid work to help people besides
their family and friends (volunteering and char-
ity).

We incorporate these 12 dimensions of social
capital as additive scales (for multi-item dimen-
sions) in our analysis of variation in homicide
rates. See Appendix Table A1 for the dimensions
considered, along with the items and reliabili-
ty coefficients for each scale.

ANALYTICAL STRATEGY

We estimate a series of recursive and nonre-
cursive structural equation models to examine
the relationships between homicide rates and the
dimensions of social capital outlined earlier.
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discussed later. The results are insensitive to these dif-
ferent specifications. To simplify the analysis, we
report only the results of the combined measure.
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All the models are estimated with LISREL 8.53
using sample covariances as input and a maxi-
mum likelihood solution. We minimize the
potential bias introduced by random measure-
ment error in the social capital scales by setting
the random error variance for these variables
equal to the product of their variance and the
quantity one minus their estimated reliability
(Bollen 1989; Hayduk 1987). The relatively
small sample size of the SCBS precludes the
simultaneous estimation of measurement mod-
els for multi-item social capital constructs and
the specified structural models relevant to our
research questions (see Heimer and Matsueda
1994, and Paxton 2002, for similar approaches).
As noted earlier, given the heterogeneous aggre-
gate units included in the SCBS sample, we
begin by estimating a baseline recursive equa-
tion in which homicide is regressed on only the
structural covariates used as control variables in
our analysis.

With a baseline model established, the criti-
cal issue to address is how to specify regression
models containing the measures of social cap-
ital. A common practice in past research has
been to treat social capital as a single construct
or a construct with a small number of underly-
ing dimensions (e.g., trust and civic engage-
ment). This strategy is inappropriate for the
current study because our primary objective is
to examine separately the array of theoretical-
ly derived dimensions of social capital to deter-
mine whether the respective dimensions exert
differential effects on homicide rates. An alter-
native strategy is to add measures for the full
range of social capital dimensions (n = 12)
simultaneously to the baseline model in a sin-
gle equation. This approach has the distinct dis-
advantage of appreciably reducing degrees of
freedom, given that our analyses are based on
a relatively small sample (40 cases) with a base-
line model that contains multiple predictors (n
= 4). Instead, we proceed in stages.

First, we estimate 12 recursive models that
add to the baseline model, one-by-one, the indi-
cators of social capital described earlier. These
regressions show the unique contribution to the
variation in homicide rates of each social cap-
ital dimension considered, net of the controls.
Next, for the dimensions of social capital that
show a statistically significant relation to homi-
cide rates, we report results of nonrecursive

models in which we examine possible recipro-
cal relationships. This strategy for model spec-
if ication is admittedly an inductive one
necessitated by the small sample under inves-
tigation. Nevertheless, our analyses are unique-
ly capable of examining the interrelationships
between homicide rates and a full range of the-
oretically driven dimensions of social capital,
which has not been feasible in previous research.

RESULTS

BIVARIATE PATTERNS

Before turning to the multivariate regression
results, it is instructive to inspect the zero-order
correlations among the variables included in
our analysis. Three noteworthy patterns emerge
from the Pearson correlations that are shown in
Table A2 (of our ASR online appendix supple-
ment). First, although several of the social cap-
ital dimensions show moderate to strong
intercorrelations, some are only weakly corre-
lated, and some are significantly inversely relat-
ed. The SCBS data show that communities with
high levels of social trust also tend to show
high levels of informal socializing, communi-
ty involvement, volunteering and charity, com-
munity service, and political engagement.
Political activism and community activism also
are strongly correlated with one another (r = .59;
p < .01), but these items are only weakly cor-
related with many of the other items and inverse-
ly correlated with still others. For instance,
political activism is significantly less prevalent
in areas with higher rates of religious partici-
pation, and community activism is lower in
communities where residents trust one another
and socialize more frequently with friends, fam-
ily members, and neighbors.

Second, the homicide measure is signifi-
cantly correlated with only 4 of the 12 social
capital dimensions, and in one case (community
activism), the direction of the correlation is
contrary to theoretical expectations. This pat-
tern, coupled with the relatively moderate and
inconsistent correlations among the various
dimensions of social capital considered, under-
scores the importance of examining social cap-
ital as a multidimensional construct in
macrolevel studies of homicide.

Finally, Table A2 indicates that the homicide
and social capital measures show significant
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correlations with many of the structural covari-
ates included in the analysis. In general, most
forms of social capital are less prevalent, and
homicide rates are higher in large, relatively
dense areas that have high levels of resource
deprivation (Putnam 2000; Rosenfeld et al.
2001). A notable exception is the pattern for
community activism, which is more common in
areas with large and dense populations and high
levels of resource deprivation. These patterns
suggest the possibility that the significant asso-
ciations observed between homicide and dimen-
sions of social capital may be spurious, an issue
addressed directly in our multivariate analyses.

RECURSIVE MODELS

Do communities with depleted stocks of social
capital exhibit comparatively high rates of homi-
cide, net of other well-established structural
covariates? As an initial examination of this
question, we estimate a series of recursive
regression homicide models, beginning with a
baseline model that includes only well-estab-
lished structural covariates, then adding, one-by-
one, the 12 social capital dimensions. These
analyses show that only three of the social cap-
ital dimensions exhibit significant relationships
with homicide rates. In Table 1, we present
regression results for the baseline model and the
three dimensions of social capital found to show
significant relationships with homicide rates.

The results for the other dimensions of social
capital are displayed in Appendix Table A3 (of
our ASR online appendix supplement).4

Considering first the baseline model shown
in Table 1 (Model 1), the results indicate that
homicide rates are significantly higher in south-
ern communities and those with elevated levels
of resource deprivation, larger and denser pop-
ulations, and higher divorce rates. Overall, the
model accounts for 70% of the variance in homi-
cide rates across the 40 SCBS areas. The
explanatory power of the baseline model and the
general pattern of the parameter estimates are
very similar to those reported in prior research
(for reviews, see Land et al. 1990; Sampson
and Lauritsen 1994). These findings lend cre-
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Table 1. Influence of Social Capital and Other Determinants on Logged Homicide Rates

.(1) .(2) .(3) .(4)

Explanatory Variables
—Resource Deprivation .437* .303* .446* .300*

(.067) (.091) (.059) (.070)
—Population Structure .374* .230* .309* .162*

(.068) (.095) (.063) (.083)
—Divorce Rate .143* .118* .099* .111*

(.056) (.054) (.051) (.050)
—Southern Location .430* .345* .686* .354*

(.159) (.157) (.159) (.142)
—Social Trust –.042*

(.020)
—Political Activism .058*

(.017)
—Community Activism .146*

(.039)
Adjusted R2 .70 .73 .77 .84

Note: N = 40. Data show maximum likelihood unstandardized parameter estimates.
*p ≤ .05 (two-tailed test)

4 On our ASR online appendix supplement, a com-
parison of the bivariate relationships in Table A2
with the full set of regressions in Table A3 shows that
the bivariate associations of community involvement
and informal socializing with homicide are attenu-
ated substantially (and are no longer statistically sig-
nificant) after adjustment for community differences
in population structure and levels of resource depri-
vation. In contrast, the effects of population structure
and resource deprivation on homicide rates are min-
imally affected after the effects of community
involvement and informal socializing are considered
(compare Models 2 and 8 in Table A3 with Model 1
in Table 1).
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dence to the use of the SCBS aggregates as
units of analysis for macrolevel crime research.

Models 2 to 4 of Table 1 add social trust,
political activism, and social activism, respec-
tively, to the baseline model. The results in
Model 2 indicate that social trust is negatively
associated with homicide rates, net of the con-
trol variables. Including social trust in the homi-
cide equation signif icantly increases the
variance explained in homicide rates, and the
relative magnitude of its effect is nontrivial:
The beta for social trust (–.323) is second only
to that for resource deprivation (.384). In con-
trast to the pattern observed for social trust,
and contrary to theoretical models that empha-
size the protective benefits of social capital,
Models 3 and 4 indicate that the other two social
capital variables show positive relationships
with homicide rates. Both variables contribute
significantly to the overall explanatory power of
the homicide model. The results thus show that
communities with higher levels of community
and political activism experience higher levels
of homicide. This finding is generally incon-
sistent with most theory and research on the
influence of community participation on crime
rates, which assumes at least implicitly that par-
ticipation uniformly reduces crime (but see
Conklin 1975; Durkheim 1938; Skogan and
Lurigio 1992).

NONRECURSIVE MODELS

The results presented so far document a signif-
icant association between homicide rates and the
dimensions of social capital that reflect com-
munity variation in social trust, political
activism, and community activism. The causal
meaning of these relationships is ambiguous
because homicide rates may affect these forms
of social capital.

To begin to untangle these relationships, we
estimate two sets of simultaneous equation mod-
els that test for possible reciprocal relationships
between homicide and social capital. The first
set of models evaluates the possible reciprocal
relationship between social trust and homicide
under a variety of different model specifica-
tions. The second set of models addresses the
same issues for community and political
activism. For the sake of parsimony and to sim-
plify the analysis, we collapse the political and
community activism items into a single scale for

inclusion in the nonrecursive models. This
seems reasonable given the strength of the zero-
order correlation (r = .59; p < .01) between
these items and their similarly positive effects
on homicide (Table 1). The items appear to tap
a collective willingness to engage in various
forms of social activism directed at affecting
change. Accordingly, we label this measure
“social activism” (alpha = .90).

Estimating simultaneous relationships
requires identification restrictions (Berry 1984;
Fisher and Nagin 1978; Kenny 1979). The chal-
lenge is to locate theoretically relevant and
empirically appropriate instrumental variables
that allow statistical identification of the recip-
rocal causal path in a simultaneous equation
model. Instrumental variables are assumed to be
related directly to one of the endogenous vari-
ables in a simultaneous equation, and unrelat-
ed or only indirectly related to the other
endogenous variable. Although locating such
variables in practice often is very difficult,
macrolevel theories of crime, social trust, and
community activism suggest some possible
instruments that can be used to identify the
nonrecursive models of interest in this study, and
the richness of the SCBS provides an opportu-
nity to evaluate the robustness of findings using
multiple instruments and specifications. After
describing the instruments used in our initial
specifications of nonrecursive models for homi-
cide and the social capital items, and after
reporting the results for these specifications,
we discuss findings from alternative specifica-
tions.

We estimate nonrecursive models for social
trust and social activism separately because the
sample size of the SCBS is relatively small,
and because, as we elaborate later, the predic-
tors of these social capital dimensions differ.
With both models, we draw on the general deter-
rence theory of crime (Gibbs 1975; Zimring
and Hawkins 1973) to locate an appropriate
instrument for the homicide equation. A central
prediction of general deterrence theory is that
objective levels of the severity, certainty, and
celerity of legal sanctions serve to reduce crime
rates, and past research suggests that objective
certainty exerts the strongest and most consis-
tent effects on crime rates (Liska and Messner
1999). Accordingly, we use a measure of arrest
certainty for violent crime (violence arrest cer-
tainty) as an instrument for homicide in the
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nonrecursive models with social trust and social
activism, respectively. We assume that arrest
certainty for violence directly affects levels of
homicide, while influencing social trust and
social activism only indirectly through homi-
cide. Consistent with past practice (Yu and
Liska 1993), we measure arrest certainty by
dividing the number of arrests by the number of
offenses. The specific measure used reflects
the number of arrests for homicide, robbery,
and aggravated assault in 1998 relative to the
number of these offenses reported to the police
in 1998, logged to reduce skewness. We exclude
rape from the measure because of differences
across jurisdictions in definitions of rape, and
because of potentially large differences in
reporting. The data for arrests and offenses
reported to the police are from the Uniform
Crime Reports.

Our selection of instruments for the two social
capital items also is grounded in extant theory.
Drawing on the structural amplification theory
of mistrust (Mirowsky and Ross 1983; Ross et
al. 2001), we use as an instrument in our social
trust equation a variable that taps macrolevel
variation in subjective alienation. Ross et al.
(2001) develop a theoretical model of mistrust
that highlights the role of resource deprivation,
high levels of crime and disorder, and subjec-
tive alienation. Most relevant for the purposes
of the current research, Ross et al. (2001:573)
suggest that feelings of abandonment and per-
ceptions of helplessness to affect positive change
or avoid undesirable events may lead individu-
als to “believe it safest to suspect everyone and
trust no one.” Drawing on Ross et al.’s (2001)
theory of mistrust, we construct a scale com-
bining three items from the SCBS that measure
the extent to which residents feel they have lit-
tle impact on their communities, are “aban-
doned” by community leaders, and feel
relatively helpless to bring about positive change
in their communities (alpha = .704). We label
this variable “subjective alienation” and assume
that it influences homicide only indirectly by
engendering mistrust (see also Anderson 1999).

Our initial specification of the nonrecursive
model for social activism is shaped in part by
preliminary model estimation indicating that
the structural covariates of homicide are, in
general, weak predictors of social activism.
Therefore, to achieve a satisfactory model of
social activism, we incorporate two additional

variables identified in the literature as potentially
important antecedents to the activities encom-
passed in our social activism scale. Both vari-
ables serve as instruments in our initial
specification of the reciprocal relationship
between social activism and homicide. The first
is drawn from Putnam’s (2000) discussion of the
factors implicated in the depletion of social
capital in the United States. Putnam (2000)
argues that with the exception of cohort replace-
ment, the factor that accounts for the largest
share of the decline in social capital during the
past four decades, especially participation in
politics and community affairs, is an increase in
the time Americans spend watching television.
As he notes, “the effect of electronic entertain-
ment—above all, television—in privatizing our
leisure . . . might account for perhaps 25 percent
of the decline” (p. 283). Although time spent
watching television also is linked in the crimi-
nological literature to a reduced risk for some
types of victimization, presumably because it
concentrates activity within households, we
view this as unlikely to have a direct effect on
homicide, which often occurs inside house-
holds. Consistent with this assertion, the empir-
ical evidence indicates that television viewing
is not significantly related to homicide (Messner
and Blau 1987). Accordingly, we use the SCBS
data to construct a measure that reflects the
mean number of hours community residents
spend watching television in a typical day, and
this serves as one of the instruments in the
social activism equation (television viewing).

The second instrument used for social
activism, also drawn from the SCBS, is the per-
centage of persons who self-identified a polit-
ical orientation of extremely conservative or
extremely liberal (extreme politics). We assume
that the presence of a relatively large number of
persons who identify politically at the extremes
will increase social activism because such indi-
viduals are more likely to participate in such
activities themselves and recruit others to do so
(Norris 2002).

By using these measures as instruments in
nonrecursive model specifications, we assume
that they show relationships of suff icient
strength with the dependent variable they are
instrumenting, and that they are not endoge-
nous to and do not directly affect the depend-
ent variable in the accompanying regression
equation. Following Bollen (1996:117), we
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assess the “quality” of the instruments by eval-
uating R2 from equations in which the endoge-
nous variables are regressed on the relevant
instruments (see also Sampson and Raudenbush
1999). As displayed in Appendix Table A4 (of
our ASR online appendix supplement), the pro-
portion of unique variance attributed to the
instrumental variables is well above the thresh-
old (.10) that Bollen (1996) uses for identify-
ing an empirically valid instrument. Given that
most of the equations considered in this report
are just identified, we do not assess formally the
assumed exogeneity of our instrumental vari-
ables using overidentification tests (Davidson
and MacKinnon 1993). However, following past
practice (Frone, Russell, and Cooper 1994), we
carefully inspect model fit and modification
indices for the nonrecursive structural equation
models. If the presumed absence of the instru-
ments’ direct effects on the other endogenous
variables is invalid, these indices would show a
poor-fitting model. As elaborated later, no sig-

nificant points of ill fit are observed in our non-
recursive models.

HOMICIDE AND SOCIAL TRUST. The results of
the simultaneous equation models are shown in
Tables 2 and 3. Table 2 presents maximum like-
lihood estimates of the unstandardized coeffi-
cients and corresponding standard errors from
a model in which social trust and homicide are
allowed to influence one another.5 The fit indices
for the model point toward good model fit, and
inspection of the residuals and modification
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Table 2. Simultaneous Equation Model of Social Trust and Homicide Rates 

Social Trust Endogenous Variables Homicide

Exogenous Variables
—Resource deprivation –.535 .289*

(.880) (.073)
—Population structure –1.38* .084

(.656) (.081)
—Divorce rate –.316 .044

(.358) (.042)
—Southern location –.540 .447*

(1.62) (.123)
—Social activism .076 .046*

(.121) (.009)
—Subjective alienation –1.19* .—

(.204)
—Violence arrest certainty .— –.382*

(.126)
Endogenous Variables
—Social trust .— –.033b

(.017)
—Homicide –3.69a .—

(2.16)

Adjusted R2 .93 .88
—χ2, 5 df 2.24 (p = .82)
—RMSEA 0.000
—CFI 1.000
—GFI 0.987

Note: N = 40. Data show maximum likelihood unstandardized parameter estimates. CFI = comparative fit index;
GFI = goodness-of-fit index; RMSEA = root mean square error of approximation.
*p ≤ .05 (two-tailed test); a p = .04 (one-tailed test); b p = .03 (one-tailed test)

5 Given the small sample size relative to the num-
ber of parameters to be estimated, stable estimation
of the nonrecursive models also requires us to fix
some of the correlations between the exogenous vari-
ables at zero. We do so only for the interrelationships
that are very small and statistically nonsignificant, so
this is unlikely to introduce bias into the analysis.
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indices shows no significant points of ill fit.
Overall, the model explains 88 percent of the
variation in homicide rates and 93 percent of the
variation in social trust across SCBS commu-
nities.

The instrumental variables exert significant
and appreciable effects on their respective
endogenous variables: A higher certainty of
arrest for violence reduces homicide rates, and
higher levels of subjective alienation reduce
social trust. Most importantly, controlling for
these factors and the other exogenous variables,
the model shows a reciprocal relationship
between homicide and social trust. The associ-
ated standardized effects indicate that the effect
of homicide on social trust (beta = –.47) is larg-
er than the effect of social trust on homicide
(beta = –.26), but both effects are relatively
important compared with other predictors, and
they are statistically significant using a one-
tailed test.

We empirically strengthen the identification
of the nonrecursive model shown in Table 2 by
trimming statistically nonsignificant paths.
Doing so yields a model with two additional
instruments for the homicide equation (social
activism and southern location) and one addi-
tional instrument (population structure) for the
social trust equation. The standardized param-
eter estimates from this specification are dis-
played in Figure 1 (for the unstandardized
coefficients and standard errors, see Table A5
of our ASR online appendix supplement). The
results for this more parsimonious model show
that the overall model fit and proportion of vari-
ance explained in the endogenous variables are
virtually identical to those reported earlier for
the full model. In addition, the parameter esti-
mates for variables retained in the social trust
and homicide equation are very similar to those
obtained in the initial specification. Most impor-
tantly, we continue to see a significant recipro-
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Table 3. Simultaneous Equation Model of Social Activism and Homicide Rates

Social Activism Endogenous Variables Homicide

Exogenous Variables
—Resource Deprivation –1.23 .293*

(1.21) (.073)
—Population Structure .628 .135

(1.14) (.084)
—Divorce Rate –.073 .068

(.643) (.045)
—Southern Location –7.39* .379*

(1.91) (.138)
—Social Trust .203 –.037*

(.257) (.016)
—Extreme Politics .842* .—

(.247)
—Television Viewing –2.59* .—

(1.26)
—Violence Arrest Certainty .— –.301*

(.136)
Endogenous Variables
—Social Activism .— .026a

(.014)
—Homicide 5.86* .—

(2.50)
Adjusted R2 .67 .82
—χ2, 11 df 8.14 (p = .70)
—RMSEA 0.000
—CFI 1.000
—GFI 0.960

Note: N = 40. Data show maximum likelihood unstandardized parameter estimates. CFI = comparative fit index;
GFI = goodness-of-fit index; RMSEA = root mean square error of approximation.
*p ≤ .05; a p = .056 (two-tailed test)
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cal relationship between social trust and homi-
cide, and the magnitude of both the effect of
social trust on homicide (beta = –.32) and the
effect of homicide on social trust (beta = –.55)
is stronger than observed in the full model.
These results are consistent with findings from
prior macrolevel crime research using data for
neighborhoods, states, and nations (Galea et al.
2002; Lederman et al. 2002; Sampson and
Raudenbush 1999), and they provide support
both for theories of social capital that empha-
size the protective benefits of high social trust
levels and for theories of trust that highlight
the potential adverse consequences of threat-
ening environments.

HOMICIDE AND SOCIAL ACTIVISM. Is the rela-
tionship between social activism and homicide
also reciprocal? Table 3 presents the maximum
likelihood estimates for the nonrecursive model
that address this question. The model fits the
data well, and the variables considered explain

a substantial proportion of the variation across
communities in levels of social activism (adjust-
ed R2 = .67) and homicide (adjusted R2 = .82).
The results show that levels of homicide are
elevated in areas located in the South and in
areas with high levels of resource deprivation
and low levels of social trust. In contrast, the
only structural covariate of homicide signifi-
cantly related to social activism is southern
regional location. Communities located in the
South show significantly lower levels of social
activism than areas in other regions of the
United States. The instrumental variables exert
significant effects on their respective endoge-
nous variables. The certainty of arrest for vio-
lence significantly reduces homicide rates, and
communities with a larger percentage of persons
who identify as extremely liberal or extremely
conservative and with a lower frequency of tel-
evision viewing show higher levels of social
activism.

Most relevant to the questions addressed in
our study, the nonrecursive model shown in
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Figure 1. Relationship between Social Trust and Homicide Rates, Reduced Form Model
Note: Model Fit Statistics: χ2 = 9.71, 11 df (p = .56), RMSEA = .000, CFI = 1.00, GFI = .948. Adjusted R2:
Homicide (.892), Social Trust (.950). Standardized estimates are displayed. For clarity of presentation, correla-
tions between exogenous variables are omitted. RMSEA = root mean square error of approximation; CFI =
comparative fit index; GFI = goodness-of-fit index.
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Table 3 shows a relatively large, significant
positive effect of homicide on social activism
(beta = .68; p ≤ .05). The effect of social activism
on homicide is also positive, but does not quite
attain statistical significance if a two-tailed test
is applied (beta = .22; p = .056), which seems
most appropriate given the lack of theory or
research implying the sign of the relationship.
Thus, the nonrecursive model shows strong evi-
dence that the association between homicide
and social activism observed in the recursive
specification reflects a process whereby high-
er homicide rates prompt social activism. In
addition, the results suggest a possible recipro-
cal relationship between levels of social activism
and homicide, wherein social activism serves to
elevate homicide rates.

Trimming the social activism–homicide
model of nonsignificant paths provides further
support for a reciprocal relationship between
social activism and homicide rates. As Figure 2

shows, with resource deprivation and social
trust serving as additional instruments for the
homicide equation, the overall pattern observed
in the trimmed model is substantively identical
to the results shown in Table 3 (for the unstan-
dardized coefficients and standard errors for
this model, see Table A6 of our ASR online
appendix supplement). However, the effect of
homicide on social activism (beta = .40) is
weaker, and the effect of social activism on
homicide (beta = .33) is stronger in this speci-
fication, and the latter effect is now statistical-
ly significant at conventional levels (p ≤ .05).
These results lend support to the conclusion
that social activism is both a cause and a con-
sequence of higher levels of homicide.

ROBUSTNESS TESTS. The findings for the non-
recursive models admittedly are dependent on
the identification assumptions imposed, and
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Figure 2. Relationship between Social Activism and Homicide Rates, Reduced Form Model
Note: Model Fit Statistics: χ2 = 13.99, 17 df (p = .67), RMSEA = .000, CFI = 1.00, GFI = .933; Adjusted R2:
Homicide (.859), Social Activism (.557). Standardized estimates are displayed. For clarity of presentation, corre-
lations between exogenous variables are omitted. RMSEA = root mean square error of approximation; CFI =
comparative fit index; GFI = goodness-of-fit index.
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definitive conclusions about the precise causal
meaning of the associations examined in our
study must await longitudinal data on social
capital and violence (see also Sampson and
Raudenbush 1999). Nonetheless, we can eval-
uate the robustness of the findings by reesti-
mating the trimmed models with different
identifying instruments for social trust and
social activism.6 Past research suggests that in
addition to subjective alienation, daily news-
paper readership may affect levels of trust in a
community, but should affect homicide rates
only indirectly through trust (Rosenfeld et al.
2001). We also think a similar argument can be
made for the political engagement scale used in
our research. We have considered both of these
items as instruments for social trust instead of
subjective alienation. Both of these instruments
exert significant positive effects on social trust
as expected, and the reciprocal relationship
between homicide and social trust persists (see
Table A7 of our ASR online appendix supple-
ment).

We have also estimated the social
activism–homicide nonrecursive model with
two different instruments for the social
activism scale: daily newspaper readership and
the percentage of residents ages 18 to 44 years.
Theoretical discussions of social and political
participation emphasize the importance of
newspaper readership in generating community
participation (Norris 2002; Portes 1998;
Putnam 2000). Furthermore, Putnam (2000)
shows that age is among the strongest predic-
tors of community participation, with many
forms of participation—particularly social
activism—highest among persons 18 to 44
years of age (p. 252). Substituting newspaper
readership and percentage of residents 18 to 44
years old as instruments for social activism
produces a pattern very similar to the findings
obtained from the other model specifications
(see Table A8 of our ASR online appendix sup-
plement). Most importantly, we continue to

observe a statistically significant reciprocal
relationship between levels of social activism
and homicide.

Overall, the nonrecursive regression results
for homicide, social trust, and social activism
suggest a somewhat paradoxical pattern where-
by homicide rates are predicted to be highest in
communities with low levels of trust and high
levels of social activism and lowest in areas
with high levels of trust and low levels of social
activism. To further illustrate the nature of the
observed pattern, we select cases that represent
opposite ends of the joint distributions of trust
and activism. Three SCBS areas—York,
Pennsylvania; Newaygo County, Michigan; and
a cluster of rural South Dakota counties–exhib-
it very high levels of social trust (greater than
the 80th percentile) and very low levels of social
activism (below the 20th percentile). At the
other extreme, using the same percentile crite-
ria, four areas—San Francisco, Denver, Boston,
and North Minneapolis—are identified as hav-
ing very low levels of social trust and very high
levels of social activism.

We compute predicted homicide rates for
these cases using our reduced-form nonrecur-
sive regression model for social trust and homi-
cide, substituting two sets of values for trust and
activism: first, the mean values for the overall
sample, and second, the observed values for
the distinctive combinations of trust and
activism. In both instances, observed values for
the other covariates are used. For the low-trust,
high-activism areas, the predicted homicide
rate, averaged over the four areas, increases
from 6.38 per 100,000 under the assumption of
mean values for the social capital measures to
14.74 per 100,000 when the observed “crim-
inogenic” values for these areas are used. For the
high-trust, low-activism areas, the average pre-
dicted homicide rate, assuming mean values
for trust and activism, is 3.14 per 100,000. The
average predicted homicide rate for these three
areas drop to 1.57 per 100,000 when the actu-
al “crime-inhibiting” values for the combination
of high-trust and low-activism scores are entered
into the equation. As these comparisons illus-
trate, the magnitude of the effects that the trust
and activism dimensions of social capital have
on homicide rates is far from trivial.
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6 We have also explored some alternative instru-
ments for the homicide equations. Rosenfeld et al.
(2001) suggest that residential mobility and police
size can be justified as instruments for homicide on
theoretical grounds. However, consistent with their
findings, these variables are not significantly relat-
ed to homicide rates in the SCBS sample.
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SUMMARY AAND DDISCUSSION

Using the SCBS, we have evaluated empirical-
ly the relationship between the multiple dimen-
sions of social capital and a community problem
of both theoretical and practical concern: lev-
els of criminal homicide. Our analyses confirm
the multidimensionality of social capital and
show that many of the theoretically salient
dimensions are “mutually reinforcing,” as
Putnam (2000) and other analysts have pro-
posed. However, some of the social capital
dimensions are only weakly correlated with one
another, and some are negatively related.

Measures of community social activism, in
particular, are inversely associated with social
trust and informal socializing with family,
friends, and neighbors, key elements in most
conceptions of social capital, including
Putnam’s. The reasons for these unexpected
relationships are unclear. Perhaps a lack of trust
in others is a motivating force underlying social
activism. Citizens become active in social
reform efforts precisely when they lose faith in
conventional modes of political communica-
tion and do not trust others to “deliver the
goods.” Additionally, active involvement in
social and political causes and organizations
may come at the expense of time spent with
family, friends, and neighbors, and also may
lessen the attraction of such activity by provid-
ing other foci of interest. In any event, a key
finding of this investigation is that social
activism differs from other forms of social cap-
ital in substantively important ways.

Our recursive models of homicide rates show
that only social trust has a significant direct
effect on homicide in the theoretically expect-
ed direction. None of the dimensions of social
participation has a significant negative effect on
homicide rates after controlling for socioeco-
nomic and demographic conditions, and the
dimension of social activism has a significant
positive relationship with homicide. With the
exception of the relationship for social trust,
these results run counter to expectations drawn
from Putnam’s (2000) account.

The nonrecursive analyses further underscore
the complexities of the interrelationships
between dimensions of social capital and homi-
cide rates. Consistent with prior research (Galea
et al. 2002; Lederman et al. 2002), the nonre-
cursive models indicate that trust and homicide
are reciprocally related. Trust significantly

reduces homicide, and homicide reduces trust.
The latter influence is somewhat larger than
the former. In addition, the nonrecursive mod-
els suggest that social activism and homicide
also are reciprocally associated. Homicide has
a relatively strong, significant, positive effect on
the index of social activism. The effect of
activism on homicide also is positive, but com-
paratively weaker and statistically significant
only in reduced-form models. These findings
must be regarded as somewhat tentative given
the cross-sectional nature of our analyses, but
they are robust across alternative instruments
and model specifications.

Why might activism increase rather than
decrease levels of lethal violence? A straight-
forward explanation is that political protest
sometimes turns violent, as in some campus
demonstrations during the 1960s and protests of
police brutality throughout the last several
decades (see Halladay 2004 for a recent exam-
ple). LaFree’s (1998) analysis of institutional
decline in America over the latter decades of the
20th century suggests a broader account. LaFree
(1998:91–113) proposes that the increase in
crime rates during the 1960s and 1970s can be
understood at least in part as a consequence of
the attacks on the legitimacy of existing social
and political arrangements by civil rights advo-
cates and opponents of the Vietnam War. If
activism undermines the legitimacy of social
institutions, it would not be surprising to see var-
ious forms of street crime rise.

We can derive another explanation from
Durlauf’s (1999) observation that arrangements
that reinforce social identities, such as ethnic or
racial identity, may produce negative conse-
quences for communities if they aggravate inter-
group tension and hostility. Much protest
activity expresses group conflict of some sort,
and is thus likely to make group identities espe-
cially salient. Moreover, group tension, hostil-
ity, and conflict are likely to impede the capacity
of communities to mobilize and exert informal
social control among their residents, especial-
ly youths, as suggested by classical social dis-
organization theory (Shaw and McKay 1969) as
well as more recent versions (Sampson,
Raudenbush, and Earls 1997).

The effect of homicide rates on social
activism in our analysis is stronger than the
effect of activism on homicide. Although this
pattern is not easily interpreted within most
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community and crime perspectives, and could
not have been anticipated from Putnam’s (2000)
account of social capital, the findings are con-
sistent with Conklin’s (1975) research on the
impact of crime. Conklin notes that

Crime weakens the fabric of social life by increas-
ing fear, suspicion, and distrust. .|.|. However,
under certain conditions people will engage in
collective action to fight crime. They may work for
a political candidate who promises to restore law
and order. They may call meetings of community
residents to plan an attack on crime. Sometimes
they may even band together in a civilian police
patrol to carry out the functions that the police are
not effectively performing for them. Since people
who perceive high crime rates often hold the police
responsible for crime prevention, we would expect
such patrols to emerge where people feel very
threatened by crime, [and] believe that the police
cannot protect them. (p. 185)

Skogan (1989), and Skogan and Lurigio
(1992) also maintain that, under certain condi-
tions, crime stimulates community participa-
tion on the part of residents. Hope (1988:156)
even suggests that one precondition for activism
may be the perception of urgency and threat
posed by crime itself, noting that “it may be nec-
essary for [residents] to feel enough risk to
make the effort of participation worthwhile”
(see also Bennett 1989). Much more research is
needed, however, on the mediating or moderat-
ing conditions that convert the risk felt from
crime and related community problems into
social and political action rather than quies-
cence, withdrawal, and isolation.

More generally, an important task for future
research is to replicate our analyses with dif-
ferent data sources. Despite the richness of the
measures in the SCBS, the survey has several
limitations. The sample size for macrolevel
analysis is small, and the units are sometimes
large and rather heterogeneous. Efforts to repli-
cate our results with research designs that con-
tain relevant measures for larger numbers of
more homogenous cases thus would be highly
useful.

It also would be instructive to examine the
relationship between crime and different forms
of social capital over time, especially with lon-
gitudinal data from the 1960s on. This is the
period when, according to Putnam, social cap-
ital began its historic descent in the United
States. Although most prior research on social
capital and crime, including Putnam’s (2000)

own analysis, is based on cross-sectional data,
his general argument focuses on the sources
and consequences of the decline in social cap-
ital over time. It would be important to deter-
mine, for example, whether the pronounced
drop in crime during the 1990s in the United
States can be explained with reference to trends
in distinct forms of social capital. Is it associ-
ated with a reversal in the decline of social
trust, the dimension of social capital most con-
sistently associated with crime in an inverse
direction, or perhaps even with an increase in
levels of trust?7 Alternatively, is the crime drop
accompanied by a reduction in forms of social
capital exerting positive effects on crime, such
as social activism? Moreover, have the dramat-
ic changes in levels of crime been followed by
corresponding changes in trust and activism in
a manner consistent with the reciprocal causal
models estimated in our cross-sectional analy-
ses? These are intriguing questions best
addressed with longitudinal data.

Finally, our analyses have implications for
criminological theory. In both the classical and
current formulations of social disorganization
theory, trust and networks of interdependence
link exogenous conditions, such as poverty,
mobility, and population structure, to the
diminution of social controls and elevated rates
of crime and delinquency (Bursik and Grasmick
1993; Kornhauser 1978; Shaw and McKay
1969). Our findings question the role that trust
and other aspects of social capital assume in this
model. Trust matters, but as an outcome as
much as a cause of crime. Deprivation matters
as well, but as a direct impediment to social cap-
ital as much as a contributor to crime, which, in
turn, undermines trust. Accumulating evidence
implies that factors typically regarded as exoge-
nous structural features of communities, such as
economic deprivation and population density
and mobility, are themselves outcomes of per-
sistently high levels of crime (e.g., Liska and
Warner 1991; Liska and Bellair 1995;
Markowitz et al. 2001; Morenoff and Sampson
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1997). This evidence has yet to result in corre-
sponding modifications to theory and analyti-
cal practice.

Crime is one of the most persistently “disor-
ganizing” conditions confronting any commu-
nity. The possibility that it leads to social
activism while undermining social trust and
perhaps other dimensions of social capital only
underscores its theoretical importance. Classical
disorganization theory was updated and ampli-
fied in the late 20th century by the incorpora-
tion of explicit attention to varying types and
loci of social controls—from intimate relations
with family and friends to political ties between
neighborhoods and government officials—that
regulate community crime rates (Bursik and
Grasmick 1993). A further theoretical move is
now needed that reconceptualizes crime as both
an outcome and source of social disorganization
(see also Bellair 1997). The criticism of earlier
formulations of disorganization theory as cir-
cular because they tended to confound crime
with its putative causes led to alterations in the
theory that place less emphasis on crime as a
disorganizing community process in its own
right (Bursik 1988). Social disorganization the-
ory now requires renewed attention to the
processes through which crime reproduces itself
by impeding the development of certain forms
of social capital that inhibit crime, and by stim-
ulating the growth of those forms of social cap-
ital that are conducive to crime.
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APPENDIX

Table A1.—Dimensions of Social Capital

Variable

Social Trust

Political Engagement

Political Activism

Community Social Service

Community Activism

Community Involvement

Religious Participation

Workplace Connections

Volunteering and Charity

Altruism

Informal Socializing

Team Sports

Variable Definition and Metric

Seven item scale that includes the percentage of residents who say that, in general, most
people can be trusted; and mean levels of trust in neighbors, coworkers, fellow reli-
gious worshippers, shopkeepers, the local news media, and the local police (alpha =
.96).

Six item scale that combines the percentage of residents who are registered to vote, the
percentage who voted in the 1996 Presidential election, the percentage who have served
as an officer or served on a committee of a local club or organization; and mean lev-
els of attendance at public meetings to discuss town or school affairs, knowledge of
political leaders, and interest in politics (alpha = .77).

Five item scale that includes the percentage of persons who have attended a political
meeting or rally, the percentage who have signed a petition, the percentage who have
participated in demonstrations, protests, boycotts, or marches, the percentage who have
participated in a political group, and the percentage who have belonged to a group
that took action for reform (alpha = .92).

Four item scale that combines the percentage of residents involved with a parent’s
association or other school support or service groups, the percentage involved in a
youth organization such as the scouts, 4-H Clubs, and Boys & Girls Clubs, the per-
centage involved in organizations for senior citizens or older people, and the percentage
involved in service clubs and fraternal organizations (alpha = .68).

Four item scale that includes the percentage of residents involved with a neighborhood
block association or crime watch group, the percentage involved in a social welfare
organization, the percentage involved in a civil rights organization, and the percent-
age involved in a literary or art group (alpha = .77).

Five item scale that combines the mean number of days residents attended club meet-
ings, the mean number of days residents took part in a community celebration,
parade, sports or art event; and the percentage who belong to a hobby, investment,
or garden club, the percentage who belong to other clubs, and the percentage who
have worked on a community project (alpha = .85).

Five item scale that includes the percentage of residents who are members of a church
or synagogue, the percentage who attend religious services weekly or almost week-
ly, the percentage who participated in an organization affiliated with religion, the per-
centage who participated in church activities other than regularly scheduled services,
and the percentage who volunteered for their place of worship (alpha = .96).

Single item that represents the percentage of persons who are involved with a labor union
or trade association.

Seven item scale that combines the mean number of times residents engaged in unpaid
work to help people besides family and friends, and the percentage who volunteered
to help fight a health problem, or for a youth program, an organization that helps the
poor or elderly, an art or cultural organization, or a neighborhood or civic group; and
the the percentage of residents who contributed $100 or more to a religious or non
religious charity (alpha = .87).

Single item that reflects the percentage of residents who donated blood in the past 12
months.

Seven item scale that includes the mean number of friends reported by residents, the
mean number of persons with whom residents can confide, the mean frequency with
which they have talked with or visited immediate neighbors, the mean frequency with
which they have socialized with coworkers outside of work, and the mean number of
times they have played cards or board games with others, visited with relatives in per-
son, and had friends over to their house (alpha = .83).

Two item scale that combines the percentage of residents who have been involved with
a sports league or club, and the mean number of times residents have played a team
sport (alpha = .81).
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